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1. Background: Similarity search is fundamental computing problem

Find the top-k most similar items in the database
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Data Mining and Machine Learning
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Similarity search is a key part
for the Al technology chain



. Background: Similarity search is fundamental computing problem

Find the similar items by computing the distance
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Vector distance computing requires huge resources!




2.Memristive TCAM
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The Match line voltage maps the Hamming distance between the stored data and query data linearly.



3. Hardware Locality sensitive hashing encoder

Encoding
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the intrinsic
randomness of the memristors, the
crossbar array serves as a natural
hardware locality sensitive hashing
encoder.

By utilizing



4. Applications

Code Length (bit)

Data Mining

Device-to-Device Resistance Variation (%)
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Information Retrieval
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